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ARTIFICIAL INTELLIGENCE VALUE LOOP.
AUTONOMOUS DRIVING.

DATA COLLECTIOR
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DEDICATED DATA COLLECTION AND TEST FLEET.
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CUSTOMER FLEET DATA COLLECTION.
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DATA LANDSCAPE.

Data Trustworthiness

Data transfer and Ingest

: Fleet control
Privacy (e.g., GDPR)

Data recorder

Distributed Infrastructure (due
to technical or legal constraint

Data Quality

Campaign mgmt. Data Retention

Synthethic Data

Deployment Indexing
Reprocessing :
Analytics (e.g, test space coverag (Auto-)labeling
' Versioning Security
Varying sources (e.g., sensorFunCtIon dev.

setups, versions, ...) KPls Data(set) export

Scalability and Orchestration
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BUILDING A AUTONOMOUS DRIVING DATA FACTORY.
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DATA FACTORY.
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Data access

Raw Data

generation
Data clearing & post

[ Labeling & Indexing }

Classify sequences
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EXTENDING THE SCENARIO SPACE WITH SIMULATED DATA.
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DATA VARIATION.
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Data, Simulation & Test Management

Scenario Extraction

Traffice to Description
Derive (simulatable) scenario
from post-processed data
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DATA FACTORY.
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TEST LANDSCAPE.

Vehicle test SiL - Software in the Loop

Identification of critical traffic
SCENanos

erification on proofing ground

Evaluating on public roads Scenario based Scenario variation representing

rizk assessment stochastic road test
on traffic space

ViL - Vehicle in the Loop HiL - Hardware in the Loop

Comparability dueto

objective criteria \
Evaluating fall back scenarios - : Crossverifving test domains = Integration on system level

Evaluating human machine
interfaces

Functional verification of E/E
components
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WHAT IS ARTIFICIAL INTELLIGENCE?
THE AUTOMATION OF INTELLIGENT BEHAVIOR.

INFORMATION TECHNOLOGY [IT]
ARTIFICIAL INTELLIGENCE

Knowledgg Perceptllo.n and Random forest Neural networks Artificial
representation cognition neural nets
Planning and Support vector Deep

reasoning machine neural nets

1950 : EXPERT SYSTEMSL¢
® LEARNING SYSTEM

ARTIFICIAL INTELLIGENMS R3S subdivision
of computer science. Al describes a set of algorithm
methodologies to solve complex optimization proble
Automates and supports decisions.
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WHAT MADE THESE BREAKTHROUGHS POSSIBLE?

ONE FACTOR, THE EMERGENCE OF ACCESS TO HIGH-QUALITY
DATA.

INFORMATION TECHNOLOGY [IT]
ARTIFICIAL INTELLIGENCE

MACHINE LEARNING

PASCAL VOC 05
20K pics & 20 cats

ImageNet '09
3.2m pics & >5k
cats

V OCO 14
2.5minst & 91
mageNe

MNIST ’98
70K pics & 10 cats

1950 ! EXPERT SYSTEMSL980 2010
® LEARNING SYSTEMS

ARTIFICIAL INTELLIGENMS R3S subdivision ~ MACHINE LEARNING [ML] enables the recognition of
of computer science. Al describes a set of algorithm patterns and correlations in data automatically as appos
methodologies to solve complex optimization problei applying static rules and definitions. Allows the identifice
Automates and supports decisions. of formerly hidden semantics.
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